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[1]: PACMan: Coordinated Memory Caching for Parallel Jobs, Ganesh et al., 2012
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= numpy.a y([l 2,931
>>> t = torch.from_numpy(a)
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>>> t[0] = -1

array([-1, 2, 3])
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¢ pip install vineyard
I 100%
Successfully installed vineyard

¢ python

>>> client = vineyard.connect()

>>> object_id = client.put('Hello, vineyard!')

>>> client.get(object_id)

‘Hello, vineyard!'
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Put/Get
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[Vineyard achieves big performance gain with small integration efforts. }




E#1d Vineyard scijl
SRS EsIE
HERF

[ GraphScope J

Vineyard g[{al{#Z| aN{el{sERd Vineyard {0

. EERBEREEN Kuberetes 1AL
& Python BiESHT | SRFIMAMESTS

T{ER R B/ OFF4

[ Kedro Pipelines J [ Kubeflow J

/) Vineyard

{&Hf Vineyard #J
B CREUR D

SHEXMBN

a8

[ Apache Hive J

7) Vineyard

2023 E/\EFHEFEFEFS FR: JIGRAR LEHEAR



Vineyard in GraphScope (¥) Vineyard

- GraphScope E—"1xFE DT, EEE. B=Ip—stEBTE RS

Kubernetes Cluster

Session 2
Python Session 1
(execution context) 1. Create session L
/—— 3. Interactive 4. Graph 5. Graph neural
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Vineyard

2. Load graph

External data sources (e.g., HDFS, OSS, S3, Azure Blob, etc.)
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def split_data(
data: pd.DataFrame, parameters: Dict[str, Any]
) -> Tuple[pd.DataFrame, pd.DataFrame, pd.Series, pd.Series]:
X_train = ...
X_test = ... kedro vineyard run

return X_train, X_test, y_train, y_test

def make_predictions(

X_train: pd.DataFrame, X_test: pd.DataFrame, y_train: pd.Series
) -> pd.Series:

y_pred = ...

return y_pred
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Kubernetes scheduler plugin

Model Evaluation Building a Model Test-Train Split
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AN{AISEIRELS QL import/export B IRV ZERE Hive/Spark FIMN FEFER ( PyData )

ﬂ Sync Metadata

first  last  height weight
0 John Doe 53 130
1 Mary B 6.0 150
Catalog val df = spark.read.table("employee")
v df.show()

Payload
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Vineyard is open-sourced and is part of CNCF. https//github.com/v6d-io/v6d,
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